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Motivation Stress test in a single observation experiment
Position errors introduce nonlinearity in assimilation We tested how the MSA method performs as N, goes from 1 to 7. A single wind observation at “+" is
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observations and obs priors are also decomposed

into scale components (y,), making the EnKF update
suffer less from scale mismatches.

Real applications
A new ensemble data assimilation system (NEDAS) has been developed at NERSC, where the MSA

framework is implemented for the EnKF code at NERSC. Currently, we are using the neXtSIM ice
E! See Ying et al. 2023, MWR for more details | model and HYCOM ocean model to test the impact of assimilating satellite-derived ice feature

Visit my webpage: https://myying.qgithub.io observations on short-term ice forecasts. We also hope to leverage the MSA method to improve the
*Correspondance: yue.ying@nersc.no prediction skill for other systems, such as ocean eddies, biogeochemistry, and sun spots.
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